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function and feature reduction
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Tab. 1 Fault modes and its codes in circuit(R:kQ,C:nF)
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F1 R/ v 8(E£5%) F2 R A 12(+5%)
F3 R,V 8(£5%) F4 R, A 12(+5%)
F5 C ¥y 16(+10%) || F6 C A 24(+10%)
F7  Coyv 16(£10%) | F8 Co A 24(£10%)
F9 R;v 8(£5%) | F10 Rs* 12(£5%)
F11 Rsvy 2.4(£5%) || F12 Ry +* 3.6(E£5%)
F13 R, v 5.6(£5%) || F14 R, 4 8.4(£5%)
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