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Tab.1 Cost matrix for binary classification problems
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Fig. 1 The application frame of the weighted cost-sensi-

tive fault diagnosis of SVM
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Tab.3 The votes matrix of the hard decision of SVM
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Tab.4 The weighted cost-sensitive matrix of SVM
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Tab. 6 The confused matrix of fault diagnosis of traditionary
SVM
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Tab.7 The confused matrix of fault diagnosis of cost-sensitive

SVM
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F, 78 5 6 7 4 100
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F; 4 7 6 9 74 100
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Tab.8 The contrast of the correct recognition rate between
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Tab.9 The contrast of the incorrect recognition rate between
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