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Fig. 1 The fault diagnosis process based on fuzzy rough
set and SVM
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Tab.1 Samples of performance parameters

N, N, T, T, pu B a1 az S
96 98.9 14.74 744 2.75 6.86 102.08 104.62 1
98.3 99.2 19.27 728 3.02 16.57  93.957 106.607 1
97.2 99.2 19.707 718 3.02 15.30  73.80 105.95 1
97 98.5 6.00 749 2.68 9.42 108.82 105.50 1
97.6 99.9 23.53 730 2.82 18.02 105.73 107.09 1
96.7 98.7 18.76 735 2.84 16.54  96.65 106.59 1
97 98.5 5.60 744 2.70 8.85 107.80 105.20 1
97.3 100.9 16.08 725 2.97 16.17  83.99 105.37 1
99 101 15.22 725 3.05 16.26  98.80 106.90 1
96.7 98.7  4.744735 2.76 6.27 99.61 103.7 1
82 87 5 600 2.6 22 52 69 0
92 87 0 690 2.56 21 64 110 0
84 86 6 750 2.6 50 110 76 0
89.5 87.5 40 730 3.56 25 72 103 0
96 99 30 690 2.56 10 88 108 0
92 97 28 760 1.4 50 110 110 0
72 73 25 690 2.6 22 80 100 0
99.5 102 24 690 2.4 32 88 110 0
78 78.5 18 600 2.8 23 88 100 0
99 100 15 765 3.8 10 100 110 0
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Tab. 2 Decision table after the discretization
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Tab.3 Minimum decision table after reduction

T, bwm B a: S
0 0 0 1 1
1 1 0 1 1
1 0 0 1 1
0 1 0 1 1
0 0 0 0 0
0 0 0 1 0
0 0 1 1 0
1 1 1 1 0
1 0 0 1 0
1 0 1 1 0
1 0 0 0 0
1 0 1 1 0
1 0 1 0 0
0 1 0 1 0
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Tab. 4 Diagnosis results of aero-engine
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