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Fig.1 Method flow chart
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Tab. 1 Several time domain statistical features
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Fig. 2 Flow chart of particle swarm optimization algorithm
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Fig.3 Schematic diagram of experimental system structure
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Fig. 4 Physical picture of experimental system
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Fig.5 Fault bearing and fault gear
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Fig. 6 Experimental results of bearing contrast test 1
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Tab.2 Bearing contrast test results
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Tab.3 Gear contrast test results
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