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Tab.1 Specific parameters of rolling bearing
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Fig. 1 Experimental platform PN P& #j i
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Fig. 2 Typical types of bearing fault
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Fig. 3 Vibration signal of rolling bearing
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Fig. 4  Time-frequency spectrogram of vibration signal

of rolling bearing
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Fig.5 The components of SWT and its frequency spectra
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Tab.2 Fault pattern recognition accuracy of rolling bearing
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