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Fig. 1 Key feature mining process model
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sition process
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Fig. 4 System general structure
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Fig. 5 System operation interface diagram
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Tab. 1 Feature selection of part of the data
MR Bk ik 0 e o e ELE

L3/ M O
h D & 2 i
) tbER 3I/mm A & /mm S /Pa i/ (°C)

176 431 5.6 284.9 151.3 —510 199.9
164 425 5.7 254.0 153.8 —510 189.2
180 391 5.2 251.2 151.9 —484 177.7
180 404 4.8 275.2 151.1 —438 180.0
170 416 6.5 254.1 145.3 —410 201.7
180 411 5.8 290.0 149.0 —599 182.0
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Tab.2 Partial data after normalization
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FEAE 45 Bk . P
lasso  [EH  FEM 8 EHE 550
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ok L 32 0.31 0.39 0.07 0.0 0.09 0.17
LR B 0.6 1.0 1.0 0.8 0.71 0.82
BEHLM B 0.21 0.45 0.32 0.66 0.42 0.41
BENLHE O R 0.0 0.0 0.23 0.0 0.14 0.07
BEHLEOE S 0.11 0.0 0.43 0.24 0.13 0.18
A B 5 3k 0.06 0.0 0.27 0.0 0.59 0.18
BEHLE 22 0.5 0.79 0.67 0.95 0.95 0.77
%IRRT 0.29 0.0 0.0 0.0 0.09 0.08
HR\ i I 0.21 0.0 0.0l 0.12 0.0 0.07
PRI FFEE 0.6 0.21 0.14 0.24 0.33 0.3
FHERAMLE®  0.01 0.1 0.01 0.0 0.0 0.02
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Tab. 4 Clustering center tables(K=3)
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1 135.5243  97.8 3072.917 7.142 94 2178

2 148.256 94 106.7 3 326.658 7.025 12 937
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Fig. 6 The distribution probability density diagram of the parameter distribution (K=3)
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