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Fig.1 Flow chart of proposed feature weighting scheme
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Fig. 2 Flow chart of fault diagnosis model
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rameters optimization for case |
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rameters optimization for case II
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Tab.4 Classification results of four different fault diagnosis models (case I )

LR ﬂ%IEﬁﬁﬁiF\\%{Jﬁﬂi H dls i e R /2o
HREA B bl mE RN P TR ORMOPE TR
OFS+SVM 34 2 1 8 4 7 8 3 0 0 1 83
OFS+ (IQGA-SVM) 9 0 1 2 0 3 1 0 1 1 0 95.5
HEFS+ SVM 4 1 0 0 0 0 0 1 0 2 0 98
HFS+ (IQGA-SVM) 1 0 0 0 0 0 0 0 0 1 0 99.5
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Tab. 5 Classification results of four different fault diagnosis models (case II )

LR RIEFABIEARREER  IEW EEHIES NI shrE RSB/ 6
OFS+SVM 12 0 4 8 0 85
OFS+ (IQGA-SVM) 7 0 4 3 0 91.25
HFS+ SVM 3 0 0 0 3 95
HFS+ (IQGA-SVM) 0 0 0 0 0 100
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