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Tab. 2 The influence of different training samples on recogni-

tion rate %
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25 100 100
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Tab.4 Recognition rate of MFE and IMFE

%
YIFEAA B MFE IMFE
5 98.11 99. 06
10 98. 96 99. 37
15 99. 61 99.61
20 100 100
25 100 100
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