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Fig. 1 Extreme learning machine network structure
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Fig. 2 Artificial fish vision and moving step length
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Tab.3 Gait recognition accuracy comparison of different classifiers %
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T 85.26 + 3. 94 8§7.18 £3.28 90.38 £1.86 97.42+2.75
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Tab.4 Time to compare different algorithms classification s
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Tab.5 Time to compare different algorithms classification

Bk FRAE £ B[] /s A {H B A 1) 1] /s 2R E] /s P 2%/ %6
ik FRE +ELM 9.568 — 2.957 0 88.72
kAL -+ FA-ELM 9.384 5.436 0 91. 67
ik & HE +PCA+ELM 9.249 2.415 0.226 6 90. 31
kR E +PCA+FA-ELM 9.762 2.526 0.954 7 97.45
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