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Fig. 1 Blind deconvolution model
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Fig. 2 Ball drop experiment diagram

Ji RN = D= AN (R VN R G e o R T AN e s
Bk V& Ab B A7 JRR A A0 I 2 B 3 DAL A ) i i
B, 3X SR 2 B0 By AR v I 1 e 5 A
SEABMGEMEL . X BE SR EM L E SR
SNR =10lg(P,/P,) (5)

Horpr: P, oy ohilima B2 B BB KOs P, MRS (55 1Y)
KRN,

WE 3 Fr R, O T AR AR MR LL A oo e B A%
5 e I SR o e {5 S R R PR R
PRV ANE | 25 W 4 oo e A5 5 10 A 4 B
M th SNR=—15 dB & A il BA5 5 . Shid il
M 0 {5 5 5 1 7 {5 5 W B4 224 oo o i) g K8 4 18
B AE MRS Y L X DL B .

W 2 A B b e Rz 4 5 (SNR= — 15 dB)
iz BRI A 2 AR FR & OFM B30 R Ml W35 5
AR . B4 X T2 OFM 22 8 40 3§ 5 1Y b s
We A 5o S T BRBA A 5 Pk A2 SR B R L B/ 4
BT RS R AR E L SR e e B A S T
SR BRI TR bt 0 (R LT X DA BEI 5
FEZe 3t OFM ARAL B2 J5 M /KSF-45 31 1 A 5500
il v W TR 4G B . DA SRR Ry AL 1 RE
o I (U 2 A R R 1 25 00, I R R,

5 o W AR R b A e O AR AR fR . B
B AR 0 o w0 07 Y R A AR A5 {7
B L W {5 5 A R 15 B ek, e (A bk TR

h T R R AE L AR SR AR X B
AR AT 5 5 D e ok i) 02 £ 55 18] 494 4 G 2R 5004
FRAE & AR R D 7 223 F B kD T e O

o =cov(X,Y) /0,0, (6)
AHOC F B B A A0 S [ — 1, 1 A OG & Bl e

(b) Time-domain waveform of noise signal
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Fig. 3

Time waveform of impulse response signal and

background noise signal (SNR=—15 dB)
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Fig. 4 Time waveform and short-term root mean square of
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impulse response signal before and after OFM pro-
cessing (SNR=—15 dB)
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Tab. 2 Short-term root-mean-square correlation coefficient

between the recovered signal and the standard impulse

response signal varies with the number of iterations
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Fig. 8 Support vector machine identification process
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