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Fig. 1 Flowchart of full vector sample entropy algorithm
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Fig.2 Time and frequency domain diagrams of eight fault conditions of yaw damper
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Tab.1 Correlation of IMF components and original signals of eight working conditions
PUIETE R IR 4 < 2 2 AL

SPE RTEIA RTER AR RTEEMAR RTERA EEEMA O RHER O RHER R

VKRB 2R BHURM AR EIR¥ K2R ALERE H2RHK
IMF, 0.126 8 0.129 1 0.060 8 0.083 7 0.092 0 0.111 0 0.068 4 0.086 0
IMF, 0.751 3 0.73 19 0.700 7 0.717 8 0.737 5 0.743 5 0.659 2 0.677 8
IMF; 0.650 1 0.668 2 0.704 8 0.688 8 0.667 3 0.661 5 0.730 3 0.720 7
IMF, 0.301 9 0.311 2 0.329 6 0.316 0 0.301 9 0.299 4 0.359 9 0.3347
IMF; 0.129 6 0.134 5 0.144 6 0.135 5 0.1310 0.127 0 0.153 8 0.141 4
IMF; 0.053 4 0.055 8 0.059 4 0.054 2 0.051 3 0.054 5 0.066 2 0.060 1
IMF; 0.015 9 0.017 7 0.019 5 0.017 6 0.016 6 0.016 9 0.022 5 0.019 2
IMF; 0.004 8 0.005 1 0.005 1 0.005 0 0.004 3 0.004 8 0.006 2 0.004 9
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Fig. 3 Scatter diagram of two features in 3-D space at eight working conditions
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Tab.2 Correct recognition rate of two feature extraction al-

gorithms %
W = NAMEMD+#: A4 NAMEMD-+FVSE
T AR T 3 g 76. 25 82. 50
LN N DA 71.25 78.75
a1 80. 00 83.75
FAHR 1 2R 85. 625 91. 875
T4R 2 B0k E 82. 50 98.125
F4E 2 B0 B8 73.125 79. 375
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Tab.3 Recognition rate of seven working states in different

channel %
W A5 = NAMEMD+ #: 44 NAMEMD+ FVSE
EX SIS 86.428 6 93.571 4
ENEN R 85 90
F4E 1 B in i 84,285 7 88.571 4
4R 2 B0k E 90 96. 428 6
4R 2 BN 87.857 1 92.857 1
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