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Tab.1 Correlation coefficient and signal to noise ratio
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Tab.2 Accuracy of EEMD permutation entropy and
EMD permutation entropy

iy . WiRiN TR 2 RRAE ) 2 R/ %

IMF ,~IMF, HE 51 i 91.67
IMF ,~IMF, HE5 i 95.83
IMF ,~IMF H51] 4 99.00

EEMD
IMF ,~IMF  HE51 Jii 99.16
IMF,~IMF, H{E51 & 100.00
IMF ,~IMF HE 5] 45 100.00
IMF ,~IMF . HE 51 i 88.33
IMF ,~IMF, HE51 i 90.00
IMF ,~IMF;HE51 5 90.83

EMD
IMF ,~IMF  HE 51 i 94.00
IMF ,~IMF, HE51 /7 94.17
IMF ,~IMF 51 1 95.84
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