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Fig.1 The perceptual process of convolution kernel
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Tab.1 Structural parameter

WAL K/m o %E/em #/em JE/em BN R/ (kgem )
F# 549 5.92 8.57 043 14.67
W 1.83 5.92 7.62 043 13.99
Ml 1.07 16.48 31.04 0.58 63.81
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Fig.6 Parameter variation in the training process of the model
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