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Fig.10  Abnormal state monitoring of stator Jy curve
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Tab.2 Performance comparison of each model un-
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HERTIPIN TREHY RMSE MAPE/% MAE
FISSA-DBN  1.885 0.0398  1.215
AL SSA-DBN 1.924  0.0413  1.255
BATRA WOA-DBN  1.931  0.0454  1.393
DBN 3.407  0.0825  2.453
FISSA-DBN  1.608  0.0261  1.088
F R R SSA-DBN 1.716  0.0408  1.519
LRI WOA-DBN 1.630  0.0268  1.093
DBN 2.853  0.0435  1.976
FISSA-DBN  0.975 0.0161  0.641
FEF R SSA-DBN 1.556  0.0242  0.941
NN WOA-DBN  1.399  0.0279  1.173
DBN 2.509  0.0674  2.431
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