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Fig.1 Impact simulation model of aluminum alloy stiffened

plate
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Tab.l1 Simulation model parameters

L€ K fH L
i 45 2.79 g/cm’
LGRS 2 200 mm
i 1y 5 i 500 mm
M 14y JEL 10 mm
LNy 5 mm
19 14 58 2 4/7/15/18/25/37 mm
WAL 2.82 g/cm’
hi B 200 us
it 1200 m/s
SR NAN 8 mm
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Fig.2 Propagation process of impact stress waves
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Fig.3 RBM network structure
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Fig.6 Areadivision diagram of aluminum alloy stiffened plate
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Fig.7 Comparison of signal amplitude-frequency characteristics in different areas under the same degree of damage
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Fig.8 Comparison of signal amplitude-frequency characteristics of different levels of damage in the same area
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Tab.3 The number of neurons in the hidden layer of

the DBN model
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Fig.10 The influence of the number of hidden layer neurons on damage recognition
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Fig.11 The influence of different model parameters on damage identification results
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Fig.12 The feature extraction effect of DBN model
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Tab.6 Impact damage recognition results of multiple
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