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Fig.1 The network architecture of GAN
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Fig.4 Generator composition and input/output
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Fig.5 Discriminator composition and input/output
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Fig.6 Experimental process
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Tab.2 Fault data time and frequency diagram

b2 i 358, & AN &
o
T

ﬂ "" ‘I """“‘ Wyl "... \ l"l" ‘M!wul'v‘ "l

T T 7 T e T

< RN

3.2 A%

3.2.1 HHEAKR

K /N R ARAE H i A DCG AN 8B 1) B 92 A
A Sy S GE AR R A A [ i R AR 4R L A R B L
A [ BB B AR AS AR D B /IR A B 4R 4T 3 2 5K
5, A A IR A B R BN R 3R

W 3 H TR A S A A — U R L . AR e
N 64 4 e T IR R AR RORE AR o I X LA

R3 ZEERH

Tab.3 Number of experimental samples
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Fig.7 Generator and discriminator loss value change curve
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Tab.4 Comparison between real and generated samples
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Fig.9 Structure of test model
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Fig.11 Generated sample verification results
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