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Tab.2 Parameters of the third gear
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Fig.14 Gearbox time domain signals and spectrums
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Fig.15 Energy distribution diagram of standard mode under

three working conditions of gear
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Fig.16 Identification results of gear samples under test
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Tab.3 Partial identification results of gear by using

proposed grey absolutely close relation degree
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Tab.4 Partial identification results of gear by using

conventional grey close relation degree
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