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(a) Schematic diagram of internal circular plunge grinding
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(b) Flexural deformation of internal circular plunge grinding system
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(c) Regenerative effect of internal circular plunge grinding
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Fig.1 Regenerative chatter in plunge grinding of bearing ring
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Fig.2 Optimization and online monitoring flow chart of chatter characteristics in early plunge grinding of bearing ring
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Fig.6  Schematic diagram of acquisition system
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