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Tab.5 The precision metrics of different methods

. & 1 &3 K 4
Tk

MUT SPE MUT SPE MUT SPE
Deep SVDD  6.54 233 4.21 773 6.42 347
COCA 4.20 46  4.21 516 4.48 38
VAE 3.63 20 3.18 167 19.91 547
IF 3.71 233 4.04 167 2.96 30
OC-SVM 2.63 233 0.65 785 0.34 605
DCOC-EV 5.31 1 6.54 64 31.30 5
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