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Tab.1 Description of six data sets

Kot £ FEARKL  4ed0 2O FEHFEARRL I GRFE AL IR 7 K
blood 748 5 2 570,178 114,36 456,142
tic_tac_toc 958 10 2 626,332 125,67 501,265
glass 214 10 6 70,76,17,13,9,29 14,15,3,3,2,6 56,61,14,10,7,23
balance 625 5 3 49,288,288 10,58,58 39,230,230
liver 327 7 2 139,188 28,37 111,151
sonar_all data 208 61 2 97,111 20,22 77,89
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Tab.2 Comparison of dimensionality reduction per-

formance of different algorithms

[ ERES S, S., Sy/S.
Isomap 0.011 0 2.57 X 10" 42.849 5
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LE 205X 10%  212x10° 9.679 4
LPP 202x10*% 1.14X10° 17.654 5
LTSA 0.0129 0.002 1 6.006 1
S-Tsomap 0.9354 0.013 1 71.501 3
GSE 0.042 6 9.80 % 10 * 43.469 5
IS-GSE 0.040 1 823X 10°°  487.3771
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dimension by different algorithms
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Tab.3 Comparison of calculation time and recognition

accuracy of different methods
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