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Tab.2 Performance indicators of diagnostic model

LWk HER R/ % R/ % AlE/ % F-Measure/ % AT /s
RVM 82.54 83.85 82.54 83.19 71.62
LSSVM 86.89 87.36 86.89 87.12 76.59
XGBOOST 93.06 94.57 93.06 93.80 72.48
PSO-XGBOOST 90.27 93.00 90.27 91.61 82.14
WOA-XGBOOST 88.89 88.97 88.89 88.75 69.07
RIME-XGBOOST 94.44 94.49 94.44 94.46 64.82
CLSRIME-XGBOOST (%% 4 i) 95.83 96.05 95.83 95.94 98.58
CLSRIME-RVM 84.72 86.13 84.72 85.42 50.21
CLSRIME-LSSVM 90.28 91.08 90.28 90.68 56.10
CLSRIME-XGBOOST (F#4E )5 ) 98.61 98.68 98.61 98.65 51.96

5 & i
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5.55% , iK% 98.61% .
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