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Fig.3 Fault diagnosis results of PSO-LIBSVM bearing
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Fig.4 Fault diagnosis results of PSO-LSSVM bearing
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Tab.2 Comparison of results from experiment 1
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Tab.3 Fault types and parameters of experimental
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Fig.6 Time domain vibration signals of some motors under

20 Hz and level 3 load
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Fig.7 Classification results of PSO-LSSVM model
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Fig.8 Classification results of PSO-LIBSVM model

S 2R AR AFTR . T LAE W BT R
PSO-LSSVM #5 I 52 56K £ v T4 58 SVM, H iz
I EAUA 5 SVM Y 27.3% , Ui W] LSSVM iz
FIRCRR IR LT

6 28 il e, 5 AL A S B R R SR T T O
S F BRI T R O E LR AR 3 5 S R

F4 RW2ERLL

Tab.4 Comparison of results from experiment 2
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