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Fig.1 Diagram of residual block structure
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Fig.3 Multi-sensor information fusion framework for motor
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Tab.1 multi-source homogeneous information of motor
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Tab.2 multi-source heterogeneous information of motor
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Fig.4 Flowchart of multi-source homogeneous data-level

fusion
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Fig.5 Flowchart of multi-source heterogeneous feature-level

fusion
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Fig.7 Data acquisition experimental platform
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Tab.3 Experimental operating parameters

28 HfE
LI HLH /A 2.49
BB E/V 380
AL B HLFE 3/ (remin ) 2 840
ML /(Nem) 3.70
o ol o 11 R /A 0.18
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Tab.4 Label and number of datasets

BB REAECEOIZRE /B HEA

HL B HIL R R 2

Bl b5 25 EAE /R 4E) K
EFRA 1 700/200/100 600
[ 6 % 2 700/200/100 600
Wi 3 700/200/100 600
A 7R S R 4 700/200/100 600
Al P e PR 5 700/200/100 600
Bl R R B 7R 6 700/200/100 600
AR IR G i 7 700/200/100 600
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Tab.5 Model parameters
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Fig.8 Curves of model accuracy and loss value

34 ZWERSHH

3.4.1  FARPERE T
H T R G IE MSF-ResAttNet 15 B 75 2 5 25
G A AT R Wi PR RE S 4 T2 Tk

(CNN, ResNet, EF-CNN K& MSF-CNN) i 17 52 &
XF b o AN [ 19X 268 A5 70 o A 3 5% L W3R 6 BT 7R o CNN
5 ResNet 212k H W #4R 215 5 5 A, 23 5l AR B L i
W5 SR Z 45 M 25 5% . EF-CNN ¥ % IR 3 25
AR 25 A T S I TR L TE A2 R T
EOPF R E g — B B WS R OREE
MSF-CNN #il MSF-ResAttNet 5% £ 43 32 4544 , 43
S A FEAS R RS B A IR A = 2 AT AR IR AL G
MSF-ResAttNet # — 25 51 A T & J7 ML L3 5
SRR FRAE (1) 26 A g

S R B 2 i A AS R 2R A i gl A
FmE I Ok B2 WM e B AR T . SRR Y CNN
77 %5 Fl ResNet J5 ¥k 7 Ab BB — A5 2545 -5 sf o B 2R A
k1 88.56 %0 M191.21% , il & 2845 B A EF-CNN
HTMSF-CNN 7 s 2 43 1] i5 5] 96.83 %6 1 96.46 %4
MSF-ResAttNet FE {5 2 73 3 24540 5 7 5 AL, il
G2 AR R AOR AR ST 12 W U R A B
99.57 % , i FHAWAAY 55 UF T MSF-ResAttNet £
Z V5 Bl A B2 Wb A Rk

R6 REMEEEEREILL

Tab.6 Accuracy comparison of different network models
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1 CNN W I B 3 AR 88.56
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Tab.7 Comparison of ablation experiment results

30 40

T A PCA CBAM W%/ %
A p p 95.83
B A ¥ 98.04
C G A 97.98
D A H 99.57
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TE B, I 07 B8 J5 AT Y 255K W, 5 CNN L, ResNet,
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F8 KAISTAFHBERREWEZEEAFREITLL
Tab.8 Comparison of accuracy of different network

models on KAIST public dataset

B Wir ik MRS S AY HERH 2/ %
CNN IR 3 91.43
ResNet (332 90.14
EF-CNN P 8 + LU+ iR 94.86
MSF-CNN P2l + LU+ R 95.71
MSF-ResAttNet P2l + LU+ iR 98.86
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PR AR D 55 i ) 72 AL e

4 4 g
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