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Tab.1 Parameter statistics of load compensation model

W 45 2 A ELiEn
CONVID [None, 18, 64] 1216
MaxPooling1D [None, 9, 64] 0
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Flatten [None, 128] 0
Dense [None, 64] 8 256
Dense 1 [None, 1] 65
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Tab.2 Description of workload identification method

based on dynamic model
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