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Fig.1 Flowchart of the predictive model construction process
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Tab.l1 Comparative performance of various models in

swing data prediction

RMSE/ MAE/ MAPE/
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1.5958 1.2557 0.67175 0.93258
FDBO-SVR
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Tab.2 Model performance evaluation for vibration prediction in different directions
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Tab.3 Comparative performance metrics of predictive models

RMSE/pm MAE/pm MAPE/% R*
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